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This paper extends the literature on the information content of …nancial
variables with respect to future economic growth. It shows that variables orig-
inating from both the equity market and the bond market in Switzerland are
useful indicators for forecasting the Swiss business cycle. In particular, the
di¤erence between risk-free long-term and short-term rates is an e¢cient indi-
cator for both the amplitude and the timing, especially over long forecasting
horizons. Part of this power seems however to be linked to monetary policy.
Contrary to evidence from the US, equity returns are useful only in forecast-
ing the timing of the cycle. It is also shown that …nancial variables, coupled
with indicators from the real economy, form the most e¢cient combination for
forecasting economic growth at all time horizons. Moreover, foreign …nancial
variables also provide useful information. This paper uses for the …rst time the
business cycle dates for Switzerland computed recently by Amstad (2000).
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11 Introduction
There has been extensive literature recently on the information content of …nancial
variables and their ability to forecast future macroeconomic variables. This path
has been opened in particular by in‡uential papers from Fama [17], Estrella and
Mishkin [15] and [16] or Estrella and Hardouvelis [14]. They have shown in particular
that in the US, variables such as stock returns, the di¤erence between long-term
and short-term risk-free rates or the di¤erence between long-term risky and risk-free
rates all provide useful information for predicting future economic variables such as
real economic growth or in‡ation. Moreover, other authors, for instance Jorion and
Mishkin [22] or Bernard and Gerlach [3], have found similar results in other countries
such as Germany or the UK.
The topic is interesting from both a theoretical and a practical point of view. As
far as the theory is concerned, a better understanding of the relationship between
real and …nancial variables, and in particular the fact that some …nancial variables
might embed information about future economic states, provides us with insights
about the way securities are priced on …nancial markets. It is principally appealing
because it gives hints on how expectations are built and how they a¤ect prices of
…nancial securities. From a practical point of view, it is important for institutions
such as central banks or governments to be supplied with the most accurate forecasts
of future economic conditions. Above all, they need to know as soon as possible if
and when a country is likely to fall into recession or alternatively emerge again into
expansion. Therefore, they will be interested in any variables, which would contain
further information about the future stage of the business cycle.
This paper builds on the existing literature by adding evidence from Switzerland
on the role of …nancial variables in forecasting future economic growth. Besides the
fact that there has been no study of this kind on the Swiss market, it is interesting to
compare results found mainly in large economies with those in a small open economy
such as Switzerland. For this reason, we will try as systematically as possible to
compare our results with those of the US as a benchmark. We will especially be able
to determine whether the increasing degree of globalization in particular on …nancial
markets is altering the relationship between the real economy and both national and
international …nancial variables. Contrary tomost oftheprevious studies, weexamine
the role played by a variety of …nancial variables, without limiting ourselves to only
one type of variables, for instance those associated to the yield curve. Actually, next
to theterm spread, we will investigate as well the informationcontent of stock returns
and variables related to monetary policy.
In testing for these relationships, we will investigate the predictive power of those
variables with respect to both the amplitude and the timing of the business cycle.
In order to look at the timing aspect, we will make use for the …rst time of a dating
procedure of the Swiss business cycle computed by Amstad [1]. Moreover, in order to
provide more robustness as well as practical relevance to the …ndings, we try as often
2as possible to con…rm the in-sample results by further out-of-sample tests. Finally, we
compare the forecasting power of …nancial variables tothe one of other leading indica-
tors. In particular, we explore the di¤erences with the leading indicator computed by
the KOF, which is based on survey data from di¤erent sectors of the economy. Since
this indicator uses only information from the real economy, it allows comparison in
terms of forecasting power of both pure …nancial and economic indicators.
The remaining of this paper is structured in six sections. The following section of-
fers an overviewof thetheory underpinning thepredictive power of…nancial variables.
Section three presents a brief survey of the already existing literature on the topic.
Section four gives a description of the data we will be using to run the tests. Section
…ve and six then provide the results of the tests concerning both the amplitude and
the timing of the business cycle. Finally, section seven concludes the paper.
2 Asset prices and economic activity: the theory
Indealingwiththe fundamentals ofthe relationshipbetweenasset prices and …nancial
assets, one must acknowledge that theory on this front is still somewhat rudimentary,
in particular concerning the information content of …nancial assets. As a result, there
is no unique theory that is commonly acceptedandfully accounts for the relationships
we are interested in. However, even though the price of di¤erent types of …nancial
assets have sometimes beenderivedindistinct models, they sharethe common feature
of depending heavily on expectations about future developments of the cash ‡ows
generated by the instrument. In turn, the stream of cash ‡ows is generally linked in
some way to the future states of the economy. In the following sub-sections we review
some key theoretical elements that underly the close relationship between the price
of the security and the state of the economy.
2.1 The Consumption CAPM
Investing in …nancial assets implies substituting consumption today for consumption
tomorrow. In so doing, households are forming expectations on what the state of
the economy will be tomorrow. If they expect the economy to go into recession,
they will prefer saving today and spending the money in the next period, which is
expected to be tougher. In turn, high demand for assets pushes prices higher and
expected returns lower. As a result, movements in asset prices are associated with
future developments of economic activity. This intuition was in particular formalized
in a model known as the consumption-based capital asset pricing model, developed
by authors such as Merton [26], Lucas [25] or Breeden [5]. In this model, households
maximize their utility by smoothing their consumption path over time. The problem







subject to a traditional budget constraint. The tools usedto smoothconsumption are
typically …nancial assets and in particular bonds or equities. The typical …rst-order



















where P b is the price of the bond, Rf is the risk-free rate, ¯ is the discount rate, Ct is
consumption at time t and u(¢) is the utility function. Taking for simplicity a basic














Notice in this last equation that interest rates are determined by expectations on
the future path of consumption. If consumption is expected to fall, then households
will save more, bidding up the price of bonds and causing interest rates to fall.
The same rationale applies when considering longer time horizons. If people expect
the economy to worsen in the future, they will tend to buy long-term bonds and
sell short-term bonds. Consequently, interest rates on the long end of the curve
will fall whereas short-term rates will increase. The slope of the yield curve will
thus tend to decline and even become inverted when agents expect the economy to
deteriorate. If expectations are rational and therefore correct on average, a decline
in the term spread will be associated with lower economic growth whereas a rise of
the term spread will be associated with stronger future economic growth. Therefore,
traditional consumption-based asset pricing models predict that the term structure
should provide some information about future economic growth.
The same type of …rst-order condition can be found for equities. However, and
contrary to risk-free bonds, one must take into account the fact that future cash ‡ow



















where Pe is the equity price at a given time t and D is the dividend paid to share-














4One further step is to substitute recursively for Pe in the last equation so that one














which states that the price of an equity is equal to the sum of discounted expected
future cash ‡ows. Similarly to risk-free bonds, equity prices are therefore determined
by expectations of the future path of consumption. However, there is here a second
element that enters the equation, which is future expected dividends. As the latter
is likely to be linked to future states of the economy, then expectations about this
variable are also likely to be linked to the future state of the business cycle. Con-
sequently, there are good reasons to believe that equity prices might as well embed
some information about the future state of the economy.
2.2 Nominal vs. real variables
One caveat of the consumption CAPM regarding the problem we want to investigate
is the fact that the model involves only variables express in real terms. But most of
the studies that have adressed the issue ofthe predictive power of…nancial assets with
respect to economicvariables have usednominal variables. We refer in particular here
to authors having found strong evidence of predictive power in the US. In the case
of the CCAPM, this would be equivalent to assume that in‡ation expectations play
only a secondary role. It would be the case for instance if we assume that in‡ation
expectations are constant.
However, including in‡ation expectations should intuitively not harm the predic-
tive power of …nancial assets. On the contrary, it rather looks like both aspects should
complement themselves. Let’s take for instance the case of the term structure in the
case of a countercyclical monetary policy. Consider the case of economic weakness
and the central bank relaxing monetary policy by increasing money supply. The im-
mediate e¤ect is lower short-term interest rates. Long-term interest rates will also
tend to decrease, however to a lesser extent than short-term ones. The reason for this
is twofold: …rst, in‡ation expectations will tend to increase because of an expected
pick up in demand. Second, as monetary policy is expected to revert at some point,
expectations of future short-term interest rates are higher than current short-term
rates. This should lead to a steepening of the yield curve followed, in principle, by
a pick up in economic activity. In this case, the inclusion of in‡ation expectations
shouldstrengthen further the predictive power of asset prices. A complete theoretical
model treating the role of in‡ation expectations in this type of issue can be found in
Blanchard and Fisher [4].
52.3 Foreign variables
Some authors have also tried to extend the model presented above to an international
setting. This has been undertaken following the observation that asset prices are not
only related to domestic economic conditions, but also to international economic
activity. Examples of empirical evidence on this topic can be found for instance in
Canova andDe Nicolo[7], Nassehand Strauss [27]or Junttila[23]. NassehandStrauss
[27] …nd that stock prices are not only related to domestic economic activity but also
to foreign stock prices, interest rates and production. This observation is made on six
European economies including Switzerland. On the other hand, Junttila [23] …nds
that adding international economic variables signi…cantly improve the forecasting
power of economy tracking portfolios with respect to future in‡ation and industrial
production.
Canova and De Nicolo [7] present a theoretical framework which allows foreign
…nancial variables and economic activity to be linked to domestic variables. The
objective of their paper is to present a general equilibrium multicountry model that
canaccount for the empirical observations mentionedabove. In their model, there are
three transmission mechansisms between countries. The …rst one is a certain degree
of contemporaneous correlation between technology shocks, the second is production
interdependencies and the third is consumption interdependencies. The authors show
that, when all the three transmission channels are at work, the model is able to
reproduce cross country spillovers between stocks returns and real activity which are
conform to what is observed in the data.
2.4 Monetary policy
One important aspect of the relationship that has been investigated by some authors
is the role played by monetary policy. Indeed, the information content of …nancial
variables with respect to future economic activity might originate from a reaction to
changes inmonetary policy. As far as theterm structure ofinterest rates is concerned,
the intuition is the following: suppose there is weakness in the economy and that the
central bank wants to react to this. Monetary authorities will cut short-term interest
rates to boost economic activity. Long-term interest rates however will likely not
drop to the same extent for two reasons: …rst, markets will start to price higher
expected in‡ation and second, the central bank will be expected to revert the move
and tighten monetary policy at some stage. Consequently the slope of the yield curve
increases when an easing of monetary policy occurs. If the economy reacts to positive
monetary stimulus, then the change in the term spread will lead the improvement in
the economy.
Following the same rationale, the role played by monetary policy is also at the
heart of the so-called expectations theory of the term structure. This theory postu-
lates that long-term interest rates are an average of current and future short-term
interest rates. Current short-term rates are essentially under the control of monetary
6policy. Consequently, a tightening of monetary policy will a¤ect di¤erently long- and
short-term rates to the extent that it distorts the expected path of future short-term
interest rates. Indeed, if monetary policy is perceived as credible, then a monetary
tightening will lead to a decline in the in‡ation expectations components of interest
rates. As a result, future short-term rates do not increase as much as current short-
term rates. Long-term rates will thus move less than short-term rates, leading to a
‡attening of the yield curve. Again, in this case, a ‡attening of the term structure is
linked to lower expected in‡ation and a slowing economy.
3 Asset prices and economic activity: the evidence
Following these theoretical considerations, the relationships between …nancial vari-
ables and the macroeconomy have trigerred a lot of empirical research over the last
decade at least. In particular, several authors have tried to investigate the informa-
tion content of …nancial variables with respect to future economic conditions. Papers
have focused in turn on the predictive power of stock returns and of the term struc-
ture of interest rates. Less frequently, authors have integrated in the same framework
…nancial variables from both the stock and the bond market. In what follows, we will
quickly review the main achievements of this literature.
3.1 Stock prices
The paper by Chen, Roll and Ross [9] has been among the most in‡uential in trying
to formalize the relationships between economic forces and stock prices. In their
paper, they try to identify which factors are priced on the stock market, i.e. whose
risk is rewarded. They …nd that the factors that have a systematic in‡uence on stock
prices are the spread between long-term and short-term rates, industrial production,
measures of unexpected in‡ation as well as the risk premium of corporate bonds.
They show that this set of variables explains a signi…cant portion of stock returns
variability. In the same spirit, Fama and French [19] show that expected returns are
lower when economic conditions are goodand higher when conditions are weak. They
also …nd that expected returns on stocks and long-term bonds can be forecasted by
the use of the default spread, the dividend yield and the term spread. This arises
becausethese variables areprecisely linked to business conditions. The default spread
and the dividend yield ‡uctuate with long-term business activity whereas the term
spread is more linked to short-term business ‡uctuations. The paper of Chen [8]
also indicates how stock returns are related to some macroeconomic variables and
how market excess return is negatively correlated with recent economic growth and
positively correlated with expected future economic growth. In a VAR setting, Lee
[24] investigates causal relationships between stock returns and economic activity.
The results indicate that stock returns as well as interest rates appear to Granger
cause economic activity and therefore should have a leading indicator property with
7respect to business ‡uctuations. Finally, Canova and De Nicolo [7] also study the
properties of the relationship between stock returns and real activity, but in a general
equilibrium, multicountry model of the business cycle. Their model, incorporating
various typesofshocks, canreproduce mostofthe observedfeatures oftherelationship
between stock returns and economic activity, both domestic and foreign. Moreover,
they point out the role of di¤erent transmissions channels across countries and show
that, when adding foreign in‡uences, the domestic relation between stock returns and
real activity becomes stronger.
3.2 Term structure
One of the leading contribution on the topic of the forecasting power of the term
structure comes from Stock and Watson [31] and [32], who have worked on building
indices of coincident and leading economic indicators. In a section closely related
to our research, they highlight the important role of variables such as the slope of
the yield curve, the spread between risky and risk-free bonds as well as returns on
the stock market. In particular, they document that these variables contain useful
information for forecasting future economic growth in the US and that they might
be e¢ciently added to the index of leading indicators of the US economy. Another
fundamental input in this …eld has been brought by Estrella and Mishkin [15]. These
authors have studied in particular the possibility of using information from the term
structure of interest rate in forecasting future economic growth. They illustrate the
information content of the term spread with respect to real activity and in‡ation
both in Europe and in the US. Furthermore, it is shown how this characteristic of
the yield curve can be usefully exploited in determining monetary policy. One of
their additional contribution is the use of a probit model, i.e. a model in which the
dependent variable is a binary variable. They set this variable equal to one during
recessions andtozero during expansions andshowhow the term spread couldbe used
for forecasting the time at which an economy enters a recession. The econometrics
of this framework are detailed in Estrella [13]. In a second contribution, Estrella
and Mishkin [16] have extended the probit setting to study the role of other …nancial
variables such as the one originating from the stock market or from monetary policy
in the US. They show that, for the US, the yield curve spread together with stock
market returns have a reasonable out-of-sample performance in forecasting future
recessions. Finally, other authors have used di¤erent settings to investigate the same
type of relationships. Davis and Henry [11] and Davis, Henry and Pesaran [12]
have documented a similar forecasting power of some …nancial spreads in a VAR
framework. Smets and Tsatsaronis [30] also use a VAR model, but focus on the
identi…cation of the various types of shocks that could explain the leading indicator
property of the slope of the yield curve.
83.3 International evidence
Most of the papers quoted above concentrate on the US economy. At some point,
authors have started to investigate whether the relationships observed on the US
economy could be extended to other countries and in particular in Europe. This is
the case of Jorion and Mishkin [22], who show how the results available in the US
are found to be robust to a multicountry comparison. Indeed, their paper con…rms
that for countries besides the US, the term structure can provide useful information
to forecast future in‡ation and future interest rates. This is particularly the case
at long horizons. As a result, they con…rm that a steepening of the yield curve
indicates that in‡ation will rise several years in the future and conversely. Plosser and
Rouwenhorst [29] also show that, for Germany and the UK, the long end of the term
structure has information about future growth of industrial production. Moreover,
they illustrate that this predicting power goes, in most of the cases, beyond the
informationcontainedincurrent monetary policy. Finally, it is alsodemonstratedhow
foreign variables can provide useful information about domestic economic growth. A
…nal contribution in this …eld comes from Bernard and Gerlach[3], who use theprobit
model developed by Estrella and Mishkin [15] to show that there is also evidence on
the forecasting power of the term structure with respect to future economic activity
in a variety of European countries.
4 Data
4.1 The data
The sample we use consists of quarterly observations ranging from the …rst quarter
of 1970 to the last quarter of 2000 resulting in a sample of 124 observations1. As a
measure of the evolution of the real economy, and therefore as a dependent variable,
we use growth rates of Swiss gross domestic product. We let the horizon over which
the growth rate is computed vary in order to explore at what distance …nancial
variables provide the best information. The growth rate is computed as follows:
GDPt;k = log(gdpt+k=gdpt)¡ 1 (6)
As far as …nancial variables are concerned, we consider three types of indicators,
related to the stock market, to the term structure of interest rates and to monetary
policy. For the stock market, we take yearly nominal returns on the UBS 100 index.
Notwithstandingthe factthat this index is not the most popularfor the Swiss market,
it is the only one, which o¤ers su¢cient data history for our tests. Moreover, we have
to bear in mind that the index is not adjusted for dividend payments. For the term
structure of interest rates, we compute the interest rate di¤erential in nominal terms
1All the data are taken from either the Datastream or DRI International databases.
9between the long and the short end of the curve, i.e. the term spread. For short-term
interest rates, we take the interest rate on 3 months Swiss franc deposits whereas
for long-term rates we take the average yield on Confederation bonds of less than 20
years. Finally, for monetary policy, we employ two types of data. First, in order to
compare our results to those obtained in particular by Plosser and Rouwenhorst [29],
we take the annual change in the M1 measure of money supply. However, one might
argue that this measure is probably not the most appropriate for Switzerland in the
light of the type of monetary policy followed by the Swiss National Bank over the
last 30 years. To cope with this objection, we use in a second step a monetary policy
indicator recently put forward by Cuche [10], which we describe in more details in
a later section. For the U.S., we use as term spread the di¤erence between 10 years
goverment bond yields and the interest rate on 3 months T-Bills. For US equity
returns we rely on the stock price index provided by DRI International.
4.2 Descriptive statistics
Intables 1 to 4, we have reported a fewsummary statistics of the variables we will use
in the empirical tests. Remind that all the …nancial variables we use are in nominal
terms whereas the dependant variable, i.e., GDP growth, is considered in real terms.
Over the last 30 years, you can observe that real gross domestic product (GDP) in
Switzerland has grown at an average rate of about 1.4%, with a sharp drop of more
than 9% in the recession due to the …rst oil shock in the mid-seventies. The average
growth rate of GDP is about 160 basis points lower than in the US, which in part
re‡ects a lower productivity trend in Switzerland. As far as …nancial variables are
concerned, long-term interest rates (LT) have beenon average higher than short-term
one (ST), resulting in an average positive term spread (TS) of about 50 basis points.
Moreover, short-term rates are more volatile and therefore most of the ‡uctuations
in the slope of the term structure are due to movements in the short end of the yield
curve. The Swiss yield curve is on average 250 basis points lower on the short end
than in the US and 350 basis points on the long end. Consequently the term spread
is on average 100 basis higher in the US. Finally, average yearly return on equities
(EQ) in Switzerland is about 6.8%. This yields an equity premium of about 2.5%.
This is slightly above the level we observe over the same period for the US. As a
matter of fact, this is also substantially lower than levels traditionally considered in
the literature. Part of the explanation is to be found in a sample bias. The 1970
to 2000 period indeed includes a period of high interest rates, with for instance a
peak at 15% for short-term interest rates in 1981 in the US. On the opposite side,
the average short-term interest rate over 1950 to 1970 was about 3%. As the mean
equity return was more or less similar, the equity premium on this period was about
6%, much closer to traditional levels. In terms of standard deviation, equity return
is not surprisingly the most volatile variable.
In order to have an idea of how those variables evolve over time and get a …rst
10feeling of what their relationship withoutput growth is, we have computed in tables 3
and 4 the correlation of the variables with yearly GDP growth. To get more insights
into the dynamics of the link, we have also computed correlations at leads and lags
of 2, 4, 6 and 8 quarters.
Variables linked to the term structure all display small levels of contemporaneous
correlation. However, we also observe that the correlation is improving substantially
by moving both in leads and lags of GDP growth. For short- and long-term interest
rates, the correlation is large and negative withGDP four to six quarters later. This is
in accordance with the intuition that higher interest rates make monetary conditions
tighter and tend to slow down the economy with a lag. Moreover, the time frame of
four to six quarters is consistent with the time usually considered for the e¤ects of
monetary policy on the economy to appear. As far as the term spreadis concerned, it
appears that the largest correlation is found between current term spread and GDP
growth four to six quarters ahead and is positive, close to 0.5. In other words, this
gives the …rst hints that the term spread has some leading indicator properties, so
that a ‡attening of the yield curve, or a decrease in the term spread, is likely to be
followed four quarters after by a decline in GDP growth. Furthermore, looking in the
other direction, it also appears that GDP growth is negatively correlated with the
term spread about four quarters later. This means that once the predicted move in
GDP has indeed taken place, the term spread has a tendency to revert to its mean.
Looking at table 4, it appears furthermore that results do not di¤er signi…cantly
from what is observed in the US. One minor discrepancy appears nevertheless on the
correlation with long-term interest rates, which are signi…cantly more correlated with
GDP in Switzerland than in the US.
Finally, equity returns also look as if they have a leading indicator property.
Whereas the contemporaneous correlation is insigni…cant, equity returns appear to
be positively related to economic growth two to four quarters later, albeit to a lesser
extent than the term structure variables. This result extend as well to the US, where
correlation reaches 0.5 with GDP two quarters later.
4.3 Evolution at business cycle frequency
A further information we can extract from a …rst examination of the data is about
their behavior at the business cycle frequency. This can be done by looking at …gures
1 and 2, which plots the di¤erent variables, highlighting in shaded zones the recession
phases of the business cycle2.
As far as theterm structure of interestrates isconcerned, the …rst chartshows how
the slope tends to become ‡atter andsometimes eveninverted before the beginning of
a recession period. Indeed, the three main periods where the yield curve was inverted
2The business cycle dates for Switzerland have been computed in a recent contribution by Amstad
(2000). More details about the procedures and the reference series are given in section six of this
paper.
11were before the …rst oil shock recession in the seventies, before and during the second
oil shock recessionat the beginning of the eighties and …nally before the …rst recession
of the nineties. A notable exception is constituted by the last recession of the century
in which the term spread was still broadly positive.
Finally, even though the relationship is not as robust and regular as for the term
spread, wecan also observe howannual equity returns are linkedto the business cycle.
It appears that returns are usually decreasing some time before recessions start, but
the timing is much less obvious than for the term spread.
5 Information about the amplitude of the business
cycle
After having obtained some intuition about the relationship between …nancial vari-
ables and the business cycle in Switzerland, we now turn to empirical tests in order
to get a more reliable link. We will …rst investigate if …nancial variables can provide
information about the amplitude of future business cycle ‡uctuations. In section six,
we will deal with information about the second important characteristic, namely the
timing of business cycle ‡uctuations.
In dealing with the amplitude of the business cycle, we will implement the tests
both in-sample and out-of-sample. We will also have a closer look on whether the
informative power is linked to monetary policy and to the separate role of the short
and thelong end ofthe yieldcurve.At a second stage, we also examine the information
content of foreign variables and see if those can improve the performance of the
model. Finally, we compare the forecasting performance of our model with the one
of commonly used leading indicators.
5.1 In-sample results
To test for the predictive power of …nancial variables with respect to the amplitude
of future business cycle ‡uctuations, we perform an ordinary least square regression
and use …nancial variables as explanatory variables. The dependent variable will be
the growth rate of GDP k quarters ahead. For clarity and in order to remain concise
in the results, we limit ourselves to values of k between 2 and 8 quarters. Moreover,
this is the range where results are the most relevant. For the …nancial variables, we
will …rst use separately the term spread and yearly equity returns and then the two
variables together. The complete model will therefore look as follows:
GDPt;k = ® + ¯1TSt + ¯2EQt +"t (7)
where GDP stands for the growth rate of the real gross domestic product as it has
been de…ned above, TS for the term spread and EQ for equity returns. The results
of the tests are detailed in table 5 for Switzerland and table 6 for the US. For the
12time being, we limit our analysis to panel A of each table. We report the value of the
coe¢cients, the t¡ stat of the coe¢cients in italic below as well as the adjusted R2
statistic. Because theuse ofgrowthrates in the dependent variable implies ovelapping
observations, especially over long horizons, the regression exhibits substantial serial
correlation in the residuals. Consequently, we correct our t¡stat to account for this
feature by using a procedure suggested by Newey and West [28]. The …rst regression
refers to the use of the term spread alone, the second uses equity returns alone and
the third uses the two variables together.
We can observe in table 5 that the term spread in Switzerland unambiguously
helps to predict future ‡uctuations of the business cycle at all horizons. Coe¢cients
are always statistically signi…cant and positive. This means that an increase in the
slope of the yield curve is associated with an expansion of the economy two to eight
quarters ahead. This con…rms the intuition we had by observing the charts in the
previous section. Indeed, results are the most robust for economic growth six to
eight quarters ahead, both in terms of size of the coe¢cient and portion of variance
explained. The R2 indicates that changes in the term spread may explain more
than 25% of future economic ‡uctuations. These results are also very similar to the
evidence found in the US. In table 6, our results con…rm prior evidence related in
numerous other studies about the US. Coe¢cients are all positive and statistically
signi…cant. In terms of R2, the US regression reaches a slightly higher level with
about 35% of the variance explained by the term spread.
Turningto equity returns, wecan notice that, contrary to theterm spread, they do
not provide signi…cant information about future growth in Switzerland. Coe¢cients
are positive but not statistically signi…cant. This is a major di¤erence with the
evidence found in the US. In table 6, one can see that for the US, equity returns
provide signi…cant information for growth two to four quarters ahead. The R2 for the
US is the highest for growth two quarters ahead and shows that the equity market is
especially useful in forecasting growth in the short-term.
One could argue that both variables, term spread and equity returns, provide
the same type of information, one of those being therefore a redundant variable.
This would be supported by the fact that both variables originate from …nancial
markets and therefore illustrate expectations build on the same market. To test
for this feature, we run the regression by using both variables together. In case of
redundancy, it would happen that of one of the two variables would lose a large
part of its predicting power. Results in the third regression show that coe¢cients
remain broadly similar as when they considered separately. For Switzerland, the
term spread is signi…cant whereas equity returns are not. In the US, both variables
remain signi…cant. In both countries, the percentage of variance explained increases
to reach more than 30% in Switzerland and 40% in the US.
135.2 Comparative results: monetary policy and lagged GDP
It is however possible that the information content of the term spread and equity
returns is linked to either monetary policy expectations or expected future cash ‡ows.
Consequently, it is also possible that other variables, which can be used as proxy for
those two factors contain the same kind of information as the term spread and equity
returns. For instance, one might suspect that variables closely related to monetary
policy such as the growth rate of money supply would also contain some information.
Therefore, adding such a variable to the regression would substantially a¤ect the
predicting power of …nancial variables. Indeed, Plosser and Rouwenhorst [29] have
investigated this aspect for the US, Germany and the UK by using the growth rate of
M1 as a measure for monetary policy. They …nd that, even though the money supply
variable might sometimes be signi…cative, it does not exclude the forecasting power
of the term spread. In a second step, we will also add lagged GDP growth in the
regression in order to introduce a variable that takes into account the persistence of
movements in economic growth.
Results of regressions where the growth rate of money supply and lagged GDP
have been added can be read in tables 7 and 8. In Switzerland, the coe¢cient for
the growth rate of M1 is positive and signi…cant only for long-term horizons. This
contrasts with the US results where, in accordance with Plosser and Rouwenhorst
[29], money supply coe¢cients are negative and not signi…cant. As far as lagged
GDP is concerned, it is signi…cant for short-term horizons in Switzerland, but do not
enter in the US. Overall, one can note that, notwithstanding a modest but regular
increase in the portion of the variance explained by the regression, the addition of
these new variables does not modify the way …nancial variables enter the regression.
Coe¢cients of the term spread remain overwhelmingly signi…cant and positive and
equity returns are still not signi…cant in Switzerland. In the US, both …nancial
variables remain signi…cant. This means that …nancial variables do provide useful
information that are not currently included in monetary policy variables or in the
current state of the economy. As it was the case in the previous results, US …nancial
variables are comparatively better able to forecast growth. One important di¤erence
that appears in Switzerland is that the forecasting power seems to be improved to
a larger scale than for the US by adding a variable linked to monetary policy or a
proxy for current economic conditions. This con…rms that …nancial variables seem to
be less informative in Switzerland than it is the case for the US or, at least, that the
model has more potential to be completed by other variables.
One might neverthelessargue that theM1money supply variableis not thecorrect
variable to catch the evolution of monetary policy in Switzerland. Indeed, the Swiss
National Bank (SNB) has not followed a uniform monetary policy setting over the
sample we are considering. The money supply aggregate that monetary authorities
watch has changed over time from a narrow one to a broader one like M3 more
recently. Moreover, the exchange rate has always been a major variable to watch for
the SNB as the Swiss economy is structurally very dependent from the export sector.
14Consequently, it would be interesting to consider a broader set of variables inorder to
proxy the state of monetary policy. This work has been done in particular by Cuche
[10] in a recent paper. The author has used the residuals from a VAR framework in
order to measure the stance of monetary policy. Anaggregate indicator is constructed
from the residuals, which re‡ects the di¤erent phases of Swiss monetary policy over
time. A chart of the indicator is given in …gure 4. What the indicator tell us that the
exchange rate was the dominant variable in the seventies, money supply during the
eighties and the call rate during the nineties. With the help of the author, we have
extended the indicator to include the most recent period.
To re…ne the monetary policy argument, we therefore runour model using Cuche’s
recomputed indicator as a proxy for the stance of monetary policy. For this purpose,
we reduce the sample from 1977 to the last quarter of 2000. Results appear in table 7.
Interestingly, results con…rm that monetary policy enters signi…cantly in the forecast-
ing offuture growth, inparticular over long horizons. Coe¢cients are overwhelmingly
positive and statiscally signi…cant. However, the term spread continues to be signi…-
cant in most cases. Overall, this shows that monetary policy is a major factor to use
in forecasting Swiss GDP growth, but the term spread also contains information that
is di¤erent than monetary policy. This con…rms the results obtained by Plosser and
Rouwenhorst [29] in the US, Germany and the UK. Taking both variables together
allows to explain more than 50% of the variance of growth six to eigth quarters ahead
in Switzerland.
5.3 Cumulative vs. marginal growth
We saw earlier in this paper that the forecasting power of …nancial variables is the
best for GDP growth six and eight quarters ahead. One could however wonder if this
is not due to information about growth only in the very …rst quarters. In order to
test for this hypothesis, we modify the variable to explain so that we will only take
into account growth in the four quarters preceding k. In this case, the growth rate at
k, is not the change between t and t+ k anymore, but rather between t+ k ¡ 4 and
t+k. For instance, for k equal to eight, the variable to explain in the …rst quarter of
1980 will be the growth rate of GDP between the …rst quarter of 1981 and the …rst
quarter of 1982.
GDPt;k = log(gdpt+k=gdpt+k¡4) ¡ 1 (8)
We will call the growth rate of GDP computed according to this method a marginal
growth rate. This is in opposition to the previous calculation, which represented a
cumulative growth rate.
Taking into account this modi…cation, we have computed the same kind of tests
than previously. Results are reported in panel B of tables 5 and 6. It can be seen
that this modi…cation does not change fundamentally the results in the sense that
the variables that were signi…cant using cumulative growth mostly remain so. In
15particular, the term spread is the most relevant between four and six quarters ahead,
whereas stock returns remain not signi…cant in Switzerland. It seems however that
the portion of variance explained by the variables is slightly reduced, especially at
long horizons. All in all, these results con…rm that the forecasting power of …nancial
variables does not originate only from theshort-term butalsofrom long-term changes.
5.4 Short-term vs. long-term interest rates
As monetary policy seems to play a major role in Switzerland, it would be interesting
to investigate whether the forecasting power ofthe term spread originates rather from
the short-end or the long-end of the yieldcurve. Indeed, short rates are traditionnally
expected to re‡ect to a large extent the stance of monetary policy. If this is the case,
then the additional information content of the term spread would mostly originate
fromlong-term interestrates. Again, Plosser and Rouwenhorst [29] havefound that in
the US, Germany and the UK, the long end of the curve contains information that is
not embedded in short-term rates. To investigate this point, we run our model using
short-term and long-term interest rates taken separately and compare the results
agains to the US. Results appear in table 9. For Switzerland, it appears that both
short-term rates and long-term rates enter signi…cantly in the regression and explain
broadly the same portion of variance, i.e. between 20% and 40% depending on the
horizon. Short-term interest rates behave roughly in a similar way in Switzerland
as in the US, even though it seems to be more signi…cant in Switzerland. The key
di¤erence with the US appears for long-term interest rates, which are signi…cant for
Switzerland but not the US. As a result, the fraction of variance explained by the
long end of the curve is substantially higher for Switzerland than for the US (less
than 10%). However, going one step further and putting both variables together in
the same model yields surprising results. In Switzerland, when taken together, short-
term interest rates keep their information content, whereas long-term interest rates
are not signi…cant anymore. This means that most of the signi…cance of long-term
interest rates comes from its correlation with short-term interest rates. This likely
con…rms the important role played by monetary policy in Switzerland. Turning to
the US, it is surprising to note that long-term interest rates now become signi…cant
for growth at long horizons, whereas they were not when considered alone. All in all,
we believe that these results emphasize the role of monetary policy in Switzerland.
The di¤erences between Switzerland and the US in this model is certainly a topic
which would deserve further research, but this beyond the scope of this paper.
5.5 Out-of-sample results
We now extend the analysis by looking at how the model works when we turn to
out-of-sample forecasting. The reason why we care about out-of-sample forecasts is
twofold. First it has been shown by some authors, for instance Estrella [13], that re-
16sults can di¤er substantially between in-sample and out-of-sample estimation. There-
fore, in-sample results do not automatically extend to the out-of-sample setting. The
second reason is that the aim of this framework is also to supply a useful tool for
participants such as central banks or government in order to forecast future changes
in economic growth. Since we are performing a forecasting exercise, the tool will only
be useful if results are valid out-of-sample.
The tests will be performed in four stages. In the …rst stage, the model is esti-
mated using an ordinary least squared technique on a speci…ed sub-sample, called the
estimation window. In the second stage, the estimated coe¢cients are used to build
a forecast for the …rst observation following the estimation window. In the third
stage, the estimation window is moved by one observation. The …rst three stages
are then repeated until the end of the sample. If the estimation window covers a 10
years period, then forecasts will be computed for the observations in the remaining
20 years of the sample. As far as the length of the estimation window is concerned,
one can choose either a …xed length window or an increasing window. In the latter
case, the estimation window always starts at the beginning of the full sample and
goes until the last observation before the period we want to forecast. Since only the
end date is moved, the size of the estimation window is augmented by one observa-
tion each time we move the window. On the other hand, one can …x the length of
the estimation window, for instance 10 years. In this case, one chooses always the
last 10 years before the period we want to forecast and at each observation both the
start and the end dates are moved by one observation so that the estimation window
has a constant size. This technique has the advantage that it incorporates only the
most recent observations in the computation of the coe¢cients and allows therefore
a more accurate update. For this reason, we choose to go for the …xed size technique.
Finally, the last stage of the procedure involves computing the performance of the
forecast. For this purpose, among the various techniques, we choose to compute the
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where T is the total number of points forecasted, Y s is the simulated value and Y a
is the actual value of the variable to explain. The forecasting test is implemented for
GDP growth 2 to 8 quarters ahead in order to look at how the forecasting power of
the model is evolving through di¤erent time horizons. Moreover, we include various
combinations, so as to be able to determine the most e¢cient combination in order to
forecast future economic growth. Results of these tests can be read in table 10, where
the RMSE for the various combinations and time horizons have been reported.
As far as …nancial variables are concerned, note that the term spread and eq-
uity returns display the best performance when they work together. Separately, the
RMSE is larger for both variables in Switzerland and in the US. This di¤erence
appears especially at long horizons. It is also interesting to observe that equity re-
17turns show a slightly better performance than the term spread, especially at short
horizons. This is rather surprising since, in the in-sample results, equity returns were
not signi…cant at all time horizons in Switzerland whereas the term spread was. Note
in general that the fact that the RMSE measure is larger at long horizons for all the
variables does not mean that the performance is reduced but rather that the volatility
of the variable to explain is increased3.
The analysis is also interesting when you compare the performance of …nancial
variables to other types of variables, which are also known to be a determinant of
future growth. As for the in-sample tests, we add a money supply variable as well
as lagged GDP growth. As far as lagged GDP is concerned, it is seems that it is
helping only at the very short-horizon where the performance is better than …nancial
variables. When taken in combination with …nancial variables, it does not improve
signi…cantly the performance both in Switzerland and in the US. For money supply,
one can observe that M1 does not perform better than the combination of the term
spreadand equity returns, except forthe very short-term. Furthermore, the RMSE is
generally not improvedwhenM1 is takenincombinationwith…nancialvariables. This
con…rms previous results that …nancial variables contain information about future
economic growth that are not included in the money supply variables. However,
the same remark as in the previous sections applies, i.e. M1 may not be the right
variable to grab the e¤ect of monetary policy in Switzerland. Therefore, we use again
the monetary policy indicator computed by Cuche [10] as a proxy for the stance
of monetary policy. As the indicator is available only since 1976, we have to reduce
correspondingly to periodover which we compute the out-of-sample statistics to 1987-
2000. Results using the monetary policy indicator are striking. The monetary policy
indicator has the best out-of-sample performance at all horizons. In particular, it
does better than …nancial variables. The latter, when taken in combination with the
monetary policy indicator, do not improve the performance, on the contrary. This
shows on one hand that monetary policy is de…nitely a major factor when it comes
to forecasting future economic growth in Switzerland. On the other hand, it also
shows that taking a single not appropriate factor, i.e. money supply, as a proxy for
monetary policy can be very misleading.
5.6 Foreign variables
One of the main characteristics of the Swiss economy is that it is a small open
economy. In this respect, it is more likely than other economies to be a¤ected by
‡uctuations or shocks originating from abroad. It is even more important nowadays
that the world economy is increasingly global and that ‡ows of goods, services, labor
or capital are liberalized. Moreover, …nancial markets are known to be markets were
3This feature can indeed be demonstrated by computing the RMSE in percentage of total
volatility of the dependent variable. This would show that RMSE in percentage is quite stable for
short and long horizons.
18the ‡ow of news is circulating the most rapidly and the most e¢ciently. Therefore,
it might be that some …nancial variables from other important countries contain
useful information about future economic growth in Switzerland. In this case, it is
possible that variables such as equity returns or the term spread of neighbor countries
may help to predict the state of the Swiss economy. Indeed, we have shown in the
theoretical part, that there exists theoretical models (see Canova and De Nicolo [7])
that showthe reasons why foreignvariables may play a substantial role in determining
the domestic business cycle.
To test for this hypothesis, we run similar regressions as we did previously, but
using …nancial variables from abroad. As for the countries, we choose the two largest
and most important trade partners of Switzerland, namely Germany and France, as
well as the US because of the leading role of the American …nancial markets in the
world. As in previous tests, we limit ourselves to the use of the term spread and
yearly equity returns. As far as the term structure is concerned, we take for short-
term interest rates the 3 months interbank rate for Germany and France (FIBOR
and PIBOR). However, these series are discontinued at the end of 1998 due to
the introduction of the euro. We complete the last two years using the 3 months
euro interbank rate (EURIBOR) for both series. Concerning long-term rates, we
use interest rates on 10 years government bonds for the 2 countries. As usual, term
spreads are computed as the di¤erence between long-term and short-term interest
rates. Finally, equity returns are computed on stock price indices for each country
provided by DRI International.
Figures 5 and 6 give an idea of how those variables evolve through the period
1970 to 2000 and how they are related to the stage of the Swiss business cycle.
Concerning the yield curve, one can observe that term spreads are evolving in a very
similar way. Nevertheless, one noticeable di¤erence is that the Swiss term spread
seems to be more often negative and the ‡uctuations in the negative territory seem
to be more pronounced. This is in particular the case during the eighties where the
Swiss term structure was often inverted whereas in other countries the slope was
most often positive. Concerning equity returns, one can see that there are also a lot
of similarities in the pattern of the various countries, con…rming therefore the high
degree of integration of international equity markets.
To be more formal, table 11 gives some descriptive statistics. Note that, in the
period under review, the Swiss equity market has the lowest mean performance,
marginally below Germany. The average equity return was three percentage points
higher in France and two in the US. However, the standard deviation was also higher
in France. Concerning the yield curve, we observe that the term spreadwas thelowest
in Switzerlandwithan average of close to50 basis points. Inthe other three countries,
long-termrates have exceeded short-termrates by a marginbetween100and 160 basis
points. Note that the standard deviation ofthe term spread is surprisingly the largest
inSwitzerland. Finally, table12displays the cross-correlation betweenthevariables of
the four countries. As expected, one can see that the correlations are quite important
19on the equity market, with more than 50% for all markets. The Swiss market is the
most correlated with the German market, but also very closely correlated with the
US market. On the other hand, the American market has the largest correlation
with the Swiss market but is less correlated with the German and French markets.
The yield curve shows a somewhat di¤erent picture. As a matter of fact, there is a
clear dichotomy between American and European markets. Correlations between the
Swiss, German and French term spreads are all close to 60%, whereas the correlation
of those three countries with the American term spread amounts to only 15% to 35%.
We now run the regressions using respectively foreign variables alone and then
together with Swiss …nancial variables. As in the previous sections, we test for the
information content about future Swiss economic growth two, four, six and eight
quarters ahead. The complete model then looks as follows:
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Results are reported in tables 13 to 15. Generally speaking, we observe that
foreign variables are very often statistically signi…cant and therefore contain relevant
informationabout future economic activity in Switzerland. This is especially the case
for the term spread but also, to some extent, for equity returns. However, foreign
…nancial variables do not provide much more additional information about the Swiss
economy beyond the one already included in Swiss variables. In general, foreign
variables lose part of their relevance when they are considered in the same framework
as Swiss variables. The most surprising case is the one of French …nancial variables.
When considered alone, both the term spread and equity returns are signi…cant at all
time horizons. As a reminder, we have shown previously that Swiss equity returns are
not signi…cant for forecasting future Swiss GDP growth. This is re‡ected also in the
proportion of variance explained. French …nancial variables alone explain about 40%
of the variance, whereas Swiss variables alone account for only 30%. Consequently,
it looks like French variables contain more information than the Swiss one when
forecasting Swiss GDP growth. For German and US variables, when considered
alone, the term spread appears to be signi…cant , whereas equity returns are not.
When moving to a setup where foreign and domestic variables are taken together,
thenforeignvariablesare notsigni…cant anymore. Adding foreign variables provides a
marginal improvement as far as the fraction of variance explained is concerned. These
results are very similar to those found by Bernard and Gerlach [3] for other countries
concerning the yield curve. In their paper, they have investigated the forecasting
power of the US and Germanterm spreads with respect to domestic economic growth
in various countries. They foundthat for a lot ofcountries, thoseforeign spreads enter
signi…cantly in the regressions. However, they also point that foreign spreads seem to
add little information beyond the one included in the domestic spread. On the other
hand, Plosser and Rouwenhorst [29] …nd in a framework very similar to ours, that
foreign term spread allow a signi…cant increase in the R2 for the US, Germany and
20the UK. The increase is in particular much more relevant than the one we observe for
Switzerland. This might be explained by the fact that they consider longer horizons,
i.e.1 to 5 years, than we do.
It is however di¢cult to justify why variables from France have so muchmore fore-
casting power with respect to Swiss economic growth than variables from Germany
or the US. Nevertheless, what we observe is that French equity returns enter much
more signi…cantly than those of the other countries, Switzerland included. On the
other hand, the French term spread has a degree of signi…cance very similar to the
one of the other countries. Therefore, the additional information provided by French
variables originates mainly from the equity market.
5.7 Leading indicators
To assess the performance and usefulness of our model, it is interesting to try to
compare the performance with other types of leading indicators. In this research we
will focus on the comparison with the leading indicator computed by the economic re-
search institute KOF. This indicator is based mostly on surveys in the various sectors
of the Swiss economy. The indicator is built out of the following six di¤erent sub-
components : new orders in the industry, orders backlogs in the industry, expected
purchases of intermediary goods, wholesales inventories, order backlogs in construc-
tion and expected …nancial situation of households. The indicator can therefore be
quali…ed as a variable extracted from the real economy, in opposition to indicators
from monetary policy or …nancial markets. In order to make the comparison ro-
bust and complete, we run the tests for all the forecasting horizons and include both
cumulative and marginal growth.
We start the comparison by looking at the in-sample results of an ordinary least
squares regression similar to the one run in previous sections. The complete model is
as follows
GDPt;k = ® +¯1TSt + ¯2EQt + ¯3KOFt + "t (11)
where KOFt is the KOF leading indicator. One important di¤erence with respect to
previous tests is the length of the sample. As the KOF indicator has been computed
only since 1984, we have to limit the sample accordingly. We …rst run the regression
using …nancial variables and the KOF leading indicator separately and then all the
variables together. Results appear in table 16. The …rst observation concerns the
regression with only …nancial variables where the changes with respect to previous
results are due only to the change in the sample length. One can observe that the
coe¢cient on the term spread remains positive and signi…cant, whereas the coe¢cient
on equity returns is still not signi…cant. Therefore, …nancial variables, and more
particularly the term spread, still provide valuable informationabout future economic
growth, so that this result seems to be robust to a sample adjustment. As it was
noted already, the forecasting power is mainly concentrated on long horizons. For
21GDP growth eight quarters ahead, …nancial variables account for about 30% to 35%
of total variance both in cumulative and marginal terms.
The regression involving the KOF leading indicator con…rms that this indicator
is very e¢cient in predicting future economic growth. Indeed coe¢cients are positive
and overwhelmingly signi…cant for all forecasting horizons. However, the pattern of
the adjusted R2 measure shows that the indicator is most valuable for short horizons
and that the fraction of variance explained is diminishing at longer intervals. In
forecasting marginal growth, the proportion is indeed falling from more than 65%
two quarters ahead to less than 10% eight quarters ahead. Therefore, the KOF
leading indicator shows the exact reverse pattern than …nancial variables, which are
increasingly e¢cient with longer time frames. This characteristic is also observed
by the di¤erence between the performance of the leading indicators with respect to
cumulative growthandmarginal growth. Inthe caseof marginal growth, one observes
that the portion of variance explained is decreasing abruptly when we increase the
forecasting horizon, indicating that the forecasting power is concentrated mostly at
short horizons. This result is very much in accordance with what has been found
by Bernard and Gerlach [3] for other industrialized countries. In a probit model of
business cycle recessions, they …nd that leading indicators of the di¤erent countries
enter signi…cantly in the system, however only for short horizons.
Given the pattern of the forecasting power of both types of variables, it is rea-
sonable to ask how they are performing when they are gathered in the same model.
The bottom part of table 16 shows the results of the regression with the KOF leading
indicator together with the term spread and equity returns. We can observe that
this type of combination produces the most e¢cient set in order to forecast future
economic growth in Switzerland at all time horizons. Figure 7 plots the fraction of
marginal GDP growth variance k quarters ahead explained by the model. We ob-
serve that, at short horizons where the KOF leading indicator is very e¢cient, the
model including all variables explains a slightly larger fraction than the model with
the leading indicator alone. However, at long horizons, for instance eight quarters
ahead, the …nancial variables add much more forecasting power, so that the model
is here slightly more e¢cient than the one with …nancial variables alone but much
more e¢cient than the one with the leading indicator alone. All in all, it appears
that the combination of the KOF leading indicator, based on the real economy, and
…nancial variables provide the most e¢cient set of variables for forecasting Swiss eco-
nomic growth both at short and long time horizons. These two types of variables are
therefore very complementary. Moreover, this is a hint on the fact that the type of
expectations formed in the real economy or in …nancial markets are not identical or,
at least, do not focus on the same time frame.
226 Information about the timing of the business cy-
cle
Whereas in the previous section we have studied the information content of …nancial
variables with respect to the amplitude of the ‡uctuations, we now turn to the timing
characteristic of the Swiss business cycle. For this purpose, we will make an extensive
use of the business cycles dates computed by Amstad [1] for the Swiss economy. In
terms of model, we will use a probit model, i.e. a model in which the dependent
variable is binary.
6.1 The probit model
The probit model has been used extensively in other studies such as Estrella and
Mishkin [15] and [16] or Estrella and Hardouvelis [14]. It is particularly suited to
the type of problem we are interested in since it deals with the determination of
dummy variables. In our case, the dependent variable will take a value of one if the
economy is in recession and zero if the economy is expanding. Therefore, the model
abstracts from the magnitude of economic ‡uctuations and focuses on the occurrence
of a recession at a given point in time. The model has the following speci…cation:
Pt = F (®+ ¯iXi;t) (12)






F is the cumulative normal distribution and Xi is the explanatory variable. In
order to assess the accuracy of the forecasting procedure, we follow Estrella and









In this de…nition, Lu is the value of likelihood function in the unconstrained
problem, whereas Lc is value of likelihood function where all the coe¢cients have
been constrained to be equal to zero. T is the number of observations. This measure
is the equivalent of the R2 in the linear regression case and can be interpreted in the
same way. Consequently, the pseudo¡R2 measure will lie between zero and one and
will be interpreted as a ”perfect …t” if it is equal to one and a ”no …t” case if it is
equal to zero.
236.2 The business cycle dates
Throughout the paper we have constantly refered to the Swiss business cycle. We
need therefore to de…ne rigorously what a recession or an expansion phase is, i.e.
when it starts and when it …nishes. Unlike in the US, where the National Bureau
of Economic Research de…nes and publishes business cycle dates, which constitute a
reference accepted by everyone, there is no similar computation in Switzerland and
more generally in Europe. Authors like Artis et al. [2] have …lled part of this gap
by computing business cycle dates for G7 and some other European countries from
1960. Their chronology is based on monthly observations on industrial production
and follows in the spirit the procedure used by the NBER. Indeed, they show that
for the US, their chronology is very similar to the o¢cial one from the NBER.
Unfortunately, this latter paper does not include Switzerland. However, a re-
cent contribution by Amstad [1] has tried to compute for Switzerland business cycle
dates according to di¤erent methods derived in the literature and based on di¤erent
variables available in Switzerland. As far as the de…nition ofthe business cycle is con-
cerned, the author uses di¤erent concepts, i.e. classical cycle, growth cycle, Schum-
peter cycle and cycle of acceleration and deceleration. The method most closely
related to the NBER procedure is the classical cycle, i.e. the technique based on
absolute growth rates of a reference series. In this case, a turning point is de…ned
as the period in which absolute GDP (or any other measure, e.g. industrial produc-
tion) reaches a local maximum or minimum. Put it di¤erently, the country enters a
recession when the growth rate of GDP becomes negative and enters in an expansion
phases when the growth rate becomes positive again. Other types of cycles include
the growth cycle, which is founded on the discrepancy of the variable with respect to
a trend and is also often used. However, this measure poses the problem of choosing
a method for computing the trend. A further choice that has to be made is about
the series of reference. In Switzerland, the alternative is between GDP and industrial
production.
In order to allow comparability of our results with the one of various authors, we
use the methodology that is closest to the one of the NBER, i.e. the classical cycle.
As far as the time-series of reference is concerned, we believe there is no a priori
reason to rely exclusively on one or the other measure so that we will consider both
industrial production and gross domestic product. Moreover, computing results with
both procedures will make the results more robust.
The dates for the two procedures are given in table 17, together with the one
computed by Artis et al. [2] for Germany and for France and subsequently used by
Bernard and Gerlach [3] as well as the o¢cial recession dates for the US computed
by the NBER.
Consider …rst the di¤erences between the computation based on industrial pro-
duction and the one based on GDP. It comes out that the one based on industrial
production is more sensitive and contains two more recessions than the one based on
GDP. In particular, the two minor drops in economic activity at the beginning and
24at the end of the eighties are considered as recessions according to the industrial pro-
duction dating but not according to the GDP one. Therefore, the drop in economic
activity must be major to be consideredas a recession according to theGDPmeasure,
whereas it is more easily classi…ed as recession based on industrial production. This
is consistent with the fact that, in Switzerland, industrial production is more volatile
than GDP. As far as the timing is concerned, there does not seem to be any regularity
with, for instance, one procedure giving a systematic lead with respect to the other.
In terms of international comparison, note that, whereas the …rst recession of
the seventies due to the …rst oil shock is more or less contemporaneous to the four
countries, France is the only one, which has gone through a second period of recession
in 1977. The second recession due to oil prices at the beginning of the eighties is
also common to the three countries. In Germany it has lasted for three full years,
whereas in Switzerland, in France and in the US, there was a temporary peak in
between. Finally, before the recession of the beginning of the nineties, Switzerland
experienced a small drop in 1986 and 1987, which was classi…ed as a recession only
in the industrial production calculation. In the second part of the nineties (data for
Germany and France are not available until that point), Switzerland had to su¤er
two one-year recessions, the second being the most recent one due mainly to great
turmoil in emerging economies of Asia and Eastern Europe.
6.3 Results
6.3.1 Financial variables
Results of the model using domestic …nancial variables are detailed in tables 18 and
19 for Switzerland and table 20 for the US. For all the tests, we have reported the
t-statistic for each variable as well as the pseudo¡ R2 speci…ed in the section above.
Moreover, in order to ensure that results are stable across the business cycle dating
methodology, each set of tests is implemented for the two kinds of business cycle
dates detailed above, namely the one based on industrial production and the one
based on GDP. For the purpose of comparison with results which are already well-
known, we have also run the test for the US. The variables chosen are the same as
for Switzerland. The business cycle dates are the o¢cial one de…ned by the NBER
and reported in table 17.
In tables 18 and 19, we can observe that both the term spread and equity returns
provide some information about the timing of the business cycle. Coe¢cients are in
general signi…cant starting from two quarters ahead, for both the term spread and
equity returns. It is in particular interesting to note that equity returns are now sig-
ni…cant and helptopredict the occurence of a recession. Therefore, equity returns are
useful at telling when a recession might occur but much less the extent of the move-
ment. The pseudo¡R2 measure shows indeed that the best performance is achieved
between four and six quarters ahead for both variables. When considered together,
both …nancial variables provide more information than they do separately, reaching
25a pseudo¡R2 value of almost 25% in the dating based on industrial production and
above 35% in the one based on GDP. Results seem in general to be robust to the
dating procedure. Equity returns seem to be more e¢cient in predicting the business
cycle stage when it is based on GDP. All in all, these results show that …nancial vari-
ables might be used in Switzerland to forecast e¢ciently the switch from expansion
to recession and vice versa up to six quarters ahead. Therefore, results obtained by
various authors mentioned above seem to extend to the Swiss case. Further insight
into the results can be obtained by looking at …gure 8 for the industrial production
dating and …gure 9 for the GDP dating. Each …gure shows the probability that a
given quarter is in recession given by the model four quarters before. One can see
that the term spread provided an extremely good signal (probability above 60%) for
the three most important recessions, i.e. the two oil shocks recessions as well as the
…rst recession of the nineties. However, it did a rather poor job for minor recessions
such as in the mid-eigthies and the mid-nineties. The performance of equity returns
is not as good as the term spread in the industrial production dating case. Using the
GDP dating however, equity returns exhibit a good performance with signals often
close to or above 50%. Moreover, the stock market gave a more e¢cient signal for the
1996 recession, which was missed by the term spread. Nevertheless, the counterpart
of this improved performance is an increased number of false signals, such as in the
early seventies or in 1987.
Whencomparingto theUS, someinteresting points arise. First, the term spread is
much more signi…cant in the US than in Switzerland. For instance, it explains about
45% of the variance three quarters ahead whereas it is only 18% in Switzerland.
Second, equity returns in the US appear to forecast recessions at very short horizons,
but not anymore afterwards. Equity returns enter the equation signi…cantly up to
three quarters ahead whereas in Switzerlandthey are signi…cant one to seven quarters
ahead. All in all, in accordance with results of the previous section, it appears that
Swiss …nancial variables are useful for predicting recession, but nevertheless much
less than they are in the US. Financial variables taken together in the US reach a
pseudo¡ R2 of more than 50% at its maximum performance.
6.3.2 Comparative results: monetary policy and leading indicators
To follow the same rationale as in the previous section, we are now considering how
the forecasting power of …nancial variables compare to monetary policy variables as
well as leadingindicators. For monetary policy, we useagain as a proxy the M1money
supply aggregate both for Switzerland and the US. To re…ne the issue, we also run
the tests in Switzerland using the monetary policy indicator that we have presented
in an earlier section and computed by Cuche [10]. Again, in the later case the sample
starts only in 1978. This means that the number of recessions is reduced by one,
which implies that the quality of results for the monetary policy indicator must be
takenwith some caution. InSwitzerland, the money supply aggregate turns out to be
26signi…cant in both dating methodologies and rather at long horizons. Coe¢cients are
signi…cant from 3 to 8 quarters ahead. However, the pseudo¡ R2 that is reached by
M1 is substantially lower than the one reached by …nancial variables. The maximum
is barely 15% with M1 as against 25% to 40% for …nancial variables. When M1 is
added to …nancial variables in the same framework, one can see that the pseudo¡R2
is not increased noticeably. Therefore, …nancial variables really appear to have a
better forecasting performance than M1. The same is valid for the US where M1 is
signi…cant from 0 to 5 quarters ahead, but where the pseudo¡ R2 does not reach the
same level as …nancial variables. The di¤erence with the US appears when …nancial
and monetary variables are considered together. In this case, the three variables are
signi…cant and the pseudo¡ R2 reaches a maximum level of 73% one quarter ahead.
In this case, M1 appears to provide a substantial contribution at short horizons.
However, we have noted already that M1 might not be the right indicator to grab
the full impact of monetary policy in Switzerland. For this purpose, we try to use
the more comprehensive indicator computed by Cuche [10]. One must however bear
in mind, when comparing the results with other variables, that the sample for the
monetary policy indicator only starts in 1977. As in the previous section the result
is here quite striking. The indicator is signi…cant from 4 to 8 quarters ahead. The
model reaches a pseudo ¡ R2 of almost 50% using the industrial production dating
and above 60% using the GDP dating. In both cases, this is clearly above the level
reached by …nancial variables and shows the major role played by monetary policy
variables in Switzerland. Moreover, when both …nancial and monetary variables are
considered together, itappears that …nancial variables barelyaddforecastingpowerto
the model. As a result, it look like …nancial variables are signi…cant but extract most
of their forecasting power from the interaction with monetary policy. As a result, and
contrary to the US, monetary policy seems to be more useful than …nancial variables
in forecasting the occurence of a recession in Switzerland. The probabilities given
by the models using monetary policy variables appear in …gure 8 for the industrial
production dating and …gure 9 for the GDP dating.
As for the previous section, it is also interesting to try a comparison with other
widely used leading indicators for Switzerland such as the KOF leading indicator
described previously. However, the fact that this indicator is available only since 1984
makes it impossible to integrate it in a probit model. As a matter of fact, the period
startingfrom 1984contains onlytworecessions accordingto the GDPdating andthree
according to the industrial production dating. Therefore, the use of the probit model
on such a short period would yield statistically insigni…cant results. Nevertheless,
…gures 10 and 11 allow us to have a …rst idea on the comparative performance.
Indeed, as it was noted in the previous section, the KOF leading indicator seems to
be rather reliable in forecasting recessions. For the two recessions of the nineties, the
indicator started to decline several quarters before the onset of the recession. In the
context of the second recession, this indicator seems therefore to be performing better
than …nancial indicators. For the recession of 1985-86 in the industrial production
27case, the forecast was not obvious since the decline in the indicator was very minor.
6.3.3 Foreign variables
Finally, tables 20 to 22 give some results concerning the predictive power of foreign
…nancial variables. Here, the tests have been run once with foreign variables alone
and a second time with foreign variables together with domestic variables. Results
are also reported for both types of business cycle dating procedures with results
related to the industrial production dating in panel A and the one derived from the
GDP dating in panel B. In general, results do not di¤er that much from the one
obtained in tests about the amplitude of the business cycle. Thus, it appears that
foreign variables are often signi…cant and do add some forecasting power to Swiss
variables. This is best observed when looking at …gures 12 and 13, which shows the
pseudo¡ R2 using Swiss variables alone on one hand and combining Swiss variables
with foreign variables on the other. One can observe that adding foreign variables
always increases the …t of the model, albeit to a varying extent depending on the
countries. Similarly to what we observed in the previous tests, the contribution of
French variables is the most remarkable. In the case of the GDP dating, French
variables alone achieve already a value of 43%. When added to the Swiss variables
the maximum pseudo ¡ R2 jumps from 37% to 49%. Both equity returns and the
term spreadremainsigni…cant inthis model. In the case ofGermany, the pseudo¡R2
is marginally increased when foreign variables are added in both datings. Whereas
most ofthe additional informationcontent seems to originatefrom theterm structure,
equity returns are also signi…cant in some cases. As far as the US are concerned, the
pseudo¡ R2 increases in a noticeable way only for the industrial production dating.
Equity returns are not signi…cant anymore when foreign variables are taken together
with Swiss variables, which means that in this case as well most of the additional
information stems for the term spread.
7 Conclusion
The objective of this paper was to investigate how useful variables extracted from
…nancial marketscan beinpredictingfuturemovements of Swiss GDP growth. In this
respect, there are two dimensions along which the forecasting power can be tested.
The …rst one is about the amplitude of the business cycle and the second relates to
the timing of the business cycle stage, i.e. recessions and expansions.
As far as the amplitude is concerned, we have used a regression model including
theterm spread, equity returns as well as variables linkedto monetary policy. In order
to take into account the varying information content with respect to the forecasting
horizon, wehave let the dependent variable be the growth rateof Swiss gross domestic
product in the two to eight quarters to come. We have derived four main results
from this framework. First, the results con…rm that …nancial variables contain useful
28information for forecasting future GDP growth in Switzerland. However, this feature
is due entirely to the term structure whereas equity returns do not enter signi…cantly
in the model. This is in particular in opposition with results found in the US where
equity returns play amajorrole. Second, one important di¤erencewith priorevidence
in other countries is that monetary policy variables play also a substantial role and
clearly improve the …t of the model. Third, our tests also shows that a variable from
the real economy is a good complement to …nancial variables when forecasting future
econonomic growth. When comparing the information content of …nancial variables
with respect to the KOF leading indicator, which is based on surveys of the real
economy, it is shown that …nancial variables together with the KOF leading indicator
provide the most e¢cient combination of variables for forecasting future GDP at
all time frames. Indeed the two sets of indicators ideally complement themselves,
with …nancial variables contributing the most at long horizons and the KOF leading
indicator contributing the most at short horizons. This means also that expectations
formed inthereal economy andin…nancialmarkets arenotidentical. Finally, we show
that …nancial variables from important foreign countries do also provide information
about the future state of the Swiss economy.
With respect to the timing of the business cycle, we use a probit model, i.e. a
model in which the dependent variable is binary. For this purpose, we also make
use of a contribution from Amstad [1], who identi…es the periods of recession and
expansion for the Swiss economy over the last 30 years. Our results illustrate that
…nancial variables are also very e¢cient at forecasting the time at which the Swiss
economy enters a recession. Indeed, the probability of recession given by the model
using …nancial variables, reaches on a regular basis more than 50% for the major
recessions. Contrary to the previous tests, it is shown that in this case both the
term spread and equity returns provide useful information. Nevertheless, …nancial
variables tend not to perform as well for minor slow-downs of the economy. In this
type of model, it appears again that monetary policy, when proxied by the right
indicator, plays a substantial role in the forecasting power of …nancial variables.
All in all, the results obtained in this paper con…rm that the predictive power
of …nancial variables observed in some other countries and in particular in the U.S.,
extend also to Switzerland. Indeed, it is interesting because Switzerland has the
particularity to be a small open economy, so that relationships between domestic
…nancial variables and economic activity might become less obvious due to a large
impact of foreign variables. The results show that the predictive power is mostly
una¤ected by the openness of the economy. The major di¤erences that appear with
prior evidence are on one hand the lower degree of signi…cance of stock returns and
on the other hand the substantial role played by monetary policy. Financial variables
seem also to have the drawback of forecasting less e¢ciently minor slowdowns of the
economy. In this respect, our paper shows that for the Swiss economy, a combination
of …nancial and real variables might be the most e¢cient set. It would allow on one
hand to enhance the forecasting power at both the short and long horizons and on
29the other hand to improve the e¢ciency in forecasting minor slowdowns.
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33GDP LT ST TS EQ
Mean 1.42 4.75 4.27 0.48 6.80
Max 5.60 7.33 11.06 4.21 42.72
Min -9.32 2.57 0.14 -4.42 -45.06
St. dev. 2.48 1.09 2.59 1.85 17.30
Table 1: Descriptive statistics: Swiss variables
GDP LT ST TS EQ
Mean 3.05 8.16 6.63 1.53 8.65
Max 8.29 15.32 15.05 3.76 37.44
Min -2.90 4.65 2.96 -1.45 -38.70
St. dev. 2.30 2.30 2.58 1.27 14.37
Table 2: Descriptive statistics: US variables
34GDP (t;4)
t -8 -6 -4 -2 0 2 4 6 8
ST 0.31 0.39 0.37 0.26 0.04 -0.36 -0.63 -0.56 -0.34
LT 0.36 0.31 0.17 0.00 -0.19 -0.45 -0.61 -0.54 -0.40
TS -0.22 -0.37 -0.42 -0.35 -0.17 0.23 0.53 0.46 0.24
EQ -0.24 -0.22 -0.23 -0.17 0.10 0.35 0.38 0.27 0.11
Table 3: Cross-correlations: Swiss variables
GDP (t;4)
t -8 -6 -4 -2 0 2 4 6 8
ST 0.12 0.05 0.04 -0.06 -0.20 -0.42 -0.48 -0.32 -0.10
LT -0.10 -0.16 -0.14 -0.14 -0.14 -0.23 -0.24 -0.12 0.00
TS -0.43 -0.41 -0.34 -0.13 0.15 0.44 0.55 0.43 0.20
EQ 0.05 -0.11 -0.24 -0.09 0.32 0.50 0.26 -0.02 -0.10
Table 4: Cross-correlations: US variables
35Panel A : cumulative growth rate Panel B : marginal growth rate
k TS EQ R2 adj: k TS EQ R2 adj:
2 0.32 0.16 2 0.31 0.05
2.54 1.67
4 0.71 0.27 4 0.71 0.27
3.32 3.32
6 0.93 0.28 6 0.61 0.21
3.91 4.45
8 1.01 0.24 8 0.31 0.05
4.18 2.12
2 0.03 0.09 2 0.05 0.10
1.39 1.46
4 0.05 0.10 4 0.05 0.10
1.39 1.39
6 0.06 0.09 6 0.03 0.05
1.36 1.12
8 0.06 0.07 8 0.01 0.00
1.27 0.53
2 0.28 0.02 0.20 2 0.21 0.04 0.11
2.62 1.11 1.23 1.27
4 0.63 0.03 0.30 4 0.63 0.03 0.30
3.77 1.04 3.77 1.04
6 0.85 0.04 0.31 6 0.57 0.02 0.21
4.48 0.96 4.30 0.62
8 0.93 0.03 0.26 8 0.30 0.00 0.04
4.20 0.80 1.71 0.12
Table 5: basic regressions with …nancial variables: Switzerland
36Panel A : cumulative growth rate Panel B : marginal growth rate
k TS EQ R2 adj: k TS EQ R2 adj:
2 0.57 0.25 2 0.86 0.22
4.97 4.42
4 1.09 0.35 4 1.09 0.35
5.17 5.17
6 1.41 0.36 6 0.84 0.20
5.12 3.76
8 1.48 0.29 8 0.41 0.04
5.10 2.22
2 0.04 0.14 2 0.08 0.25
3.22 3.91
4 0.04 0.06 4 0.04 0.06
2.16 2.16
6 0.03 0.02 6 -0.01 -0.01
1.31 -0.28
8 0.02 0.00 8 -0.02 0.01
0.74 -1.10
2 0.54 0.03 0.36 2 0.78 0.07 0.43
5.69 3.40 5.37 4.24
4 1.06 0.04 0.40 4 1.06 0.04 0.40
5.43 2.03 5.43 2.03
6 1.39 0.02 0.36 6 0.85 -0.01 0.20
5.07 0.91 3.75 -0.60
8 1.47 0.01 0.28 8 0.43 -0.03 0.06
4.96 0.34 2.51 -1.18
Table 6: basic regressions with …nancial variables: US
37k TS EQ M1 MP GDP R2 adj:
2 0.30 0.02 -0.01 0.19
1.97 1.11 -0.27
4 0.59 0.03 0.02 0.30
2.66 1.04 0.36
6 0.59 0.03 0.10 0.33
2.21 0.97 1.52
8 0.41 0.03 0.21 0.32
1.24 0.80 2.52
2 0.09 0.01 0.25 0.11
0.89 0.63 1.88
4 0.32 0.00 0.64 0.31
1.78 -0.24 3.18
6 0.47 -0.01 1.18 0.51
2.47 -1.00 4.93
8 0.51 -0.02 1.74 0.61
2.57 -1.09 6.09
2 0.32 0.02 0.15 0.28
3.25 1.41 2.78
4 0.68 0.04 0.16 0.36
4.47 1.33 1.98
6 0.86 0.05 0.08 0.35
4.76 1.21 0.69
8 0.90 0.05 0.00 0.29
3.68 1.09 0.00
Table 7: Regressions with …nancial variables, monetary policy variables and lagged
GDP: Switzerland
38k TS EQ M1 GDP R2 adj:
2 0.57 0.03 -0.03 0.36
6.76 3.32 -1.27
4 1.15 0.03 -0.07 0.41
6.84 1.97 -1.75
6 1.52 0.02 -0.11 0.38
6.09 0.86 -1.65
8 1.62 0.01 -0.13 0.30
6.21 0.28 -1.51
2 0.54 0.03 0.01 0.35
5.69 3.29 0.12
4 1.05 0.04 -0.12 0.41
5.36 2.20 -1.24
6 1.38 0.03 -0.27 0.40
5.00 1.21 -1.72
8 1.47 0.02 -0.38 0.34
4.80 0.66 -1.83
Table 8: Regressions with …nancial variables, monetary policy variables and lagged
GDP: US
39Panel A : Switzerland Panel B : US
k ST LT R2 adj: k ST LT R2 adj:
2 -0.28 0.24 2 -0.18 0.16
-2.73 -2.49
4 -0.59 0.37 4 -0.30 0.17
-3.50 -2.27
6 -0.80 0.40 6 -0.37 0.16
-4.32 -2.13
8 -0.90 0.38 8 -0.38 0.12
-5.40 -1.81
2 -0.64 0.22 2 -0.14 0.07
-2.51 -1.34
4 -1.29 0.31 4 -0.21 0.06
-3.04 -1.14
6 -1.80 0.36 6 -0.23 0.04
-3.58 -0.99
8 -2.17 0.38 8 -0.21 0.02
-4.23 -0.81
2 -0.17 -0.31 0.25 2 -0.38 0.25 0.19
-1.62 -1.04 -2.95 1.51
4 -0.43 -0.48 0.38 4 -0.74 0.55 0.25
-2.77 -1.17 -3.07 1.98
6 -0.53 -0.81 0.43 6 -1.06 0.86 0.28
-2.92 -1.48 -3.12 2.10
8 -0.49 -1.25 0.42 8 -1.19 1.01 0.25
-2.03 -1.66 -3.11 2.07
Table 9: Regressions with short- and long-term interest rates
40Switzerland US
k 2 4 6 8 2 4 6 8
TS 1.127 1.966 2.507 2.952 1.181 1.790 2.241 2.714
EQ 1.013 1.806 2.361 2.901 1.185 2.056 2.786 3.224
M1 0.996 1.757 2.309 2.559 1.302 2.165 2.884 3.528
MP 0.912 1.435 1.660 1.779
GDP 0.977 1.763 2.343 2.791 1.274 2.078 2.778 3.327
TS+EQ 1.026 1.696 2.098 2.561 1.081 1.760 2.235 2.612
TS+EQ+M1 1.067 1.770 2.190 2.530 1.140 1.831 2.350 2.948
TS+EQ+MP 1.010 1.549 1.701 1.757 1.054 1.723 2.113 2.363
TS+EQ+GDP 1.052 1.704 2.088 2.534 1.084 1.720 2.232 2.718
Table 10: Out-of-sample tests: RMSE
Panel A : Term Spread
Switzerland France Germany US
Mean 0.48 1.08 1.02 1.53
Max 4.21 3.26 4.69 3.76
Min -4.42 -3.78 -4.77 -1.45
St. dev. 1.85 1.38 1.79 1.27
Panel B : Equities
Switzerland France Germany US
Mean 6.80 9.78 6.86 8.65
Max 42.72 53.42 51.67 37.44
Min -45.06 -40.60 -31.31 -38.70
St. dev. 17.30 20.71 17.27 14.37
Table 11: Foreign variables : descriptive statistics
Panel A : Term Spread
Switzerland France Germany U.S.
Switzerland 1.00 0.61 0.61 0.16
France 1.00 0.68 0.19
Germany 1.00 0.35
US 1.00
Panel B : Equities
Switzerland France Germany U.S.
Switzerland 1.00 0.64 0.78 0.75
France 1.00 0.67 0.54
Germany 1.00 0.53
US 1.00
Table 12: Foreign variables : cross-correlations
41k foreign TS foreign EQ domestic TS domestic EQ R2adj:
2 0.28 0.03 0.24
2.06 2.31
0.11 0.03 0.22 0.00 0.28
0.81 3.00 2.26 -0.19
4 0.76 0.05 0.39
2.75 2.79
0.43 0.05 0.44 -0.01 0.45
1.59 4.17 3.66 -0.59
6 1.14 0.05 0.42
2.94 2.95
0.75 0.06 0.51 -0.02 0.47
1.64 3.45 2.40 -0.47
8 1.33 0.04 0.33
2.92 2.17
0.91 0.04 0.53 -0.01 0.36
1.52 1.79 1.60 -0.16
Table 13: Regressions with foreign variables: France
42k foreign TS foreign EQ domestic TS domestic EQ R2adj:
2 0.02 0.01 0.00
0.20 0.60
-0.25 -0.01 0.41 0.03 0.26
-1.54 -0.61 2.62 1.30
4 0.35 0.01 0.07
2.36 0.44
-0.09 -0.02 0.67 0.04 0.30
-0.41 -0.69 3.04 1.29
6 0.79 0.01 0.19
3.71 0.24
0.40 -0.03 0.58 0.06 0.33
1.05 -1.11 1.85 1.49
8 1.06 0.00 0.24
3.67 -0.04
0.75 -0.05 0.46 0.07 0.31
1.46 -1.27 1.09 1.50
Table 14: Regressions with foreign variables: Germany
43k foreign TS foreign EQ domestic TS domestic EQ R2adj:
2 -0.05 0.04 0.12
-0.30 1.72
-0.11 0.03 0.28 0.00 0.23
-0.78 1.64 3.00 0.03
4 0.24 0.06 0.14
0.78 1.69
0.11 0.05 0.62 0.00 0.33
0.43 1.60 3.96 -0.19
6 0.62 0.07 0.15
1.29 1.59
0.45 0.05 0.81 0.00 0.34
1.06 1.21 4.16 -0.04
8 0.81 0.06 0.12
1.39 1.36
0.61 0.04 0.88 0.00 0.29
1.12 0.76 3.58 0.03
Table 15: Regressions with foreign variables: US
44Panel A : Cumulative Growth Rate Panel B : Marginal Growth Rate
k TS EQ KOF R2adj: k TS EQ KOF R"adj:
2 0.13 0.00 0.02 2 0.12 0.00 0.02
0.90 -0.40 0.43 -0.09
4 0.38 -0.02 0.11 4 0.38 -0.02 0.11
1.61 -1.07 1.61 -1.07
6 0.70 -0.03 0.22 6 0.57 -0.02 0.29
2.60 -1.21 3.46 -1.65
8 1.00 -0.03 0.30 8 0.62 -0.01 0.32
3.51 -0.94 4.54 -0.65
2 0.58 0.44 2 1.25 0.66
5.75 9.15
4 0.92 0.35 4 0.92 0.35
4.37 4.37
6 1.14 0.30 6 0.55 0.12
3.53 2.10
8 1.37 0.27 8 0.35 0.04
3.46 1.27
2 0.04 -0.01 0.57 0.44 2 -0.09 0.00 1.29 0.67
0.39 -0.71 5.04 -0.63 -0.37 7.87
4 0.24 -0.02 0.86 0.41 4 0.24 -0.02 0.86 0.41
1.32 -1.57 3.63 1.32 -1.57 3.63
6 0.54 -0.03 0.99 0.44 6 0.50 -0.02 0.41 0.35
2.51 -1.63 3.14 3.10 -1.90 1.73
8 0.83 -0.03 1.13 0.48 8 0.59 -0.01 0.17 0.32
3.99 -1.27 3.81 4.53 -0.69 0.96
Table 16: Regressions with KOF leading indicator (1984-2000)




Peak 74:3 74:3 73:3 74:3 73:4
Trough 75:4 76:2 75:3 75:2 75:1
Peak 77:1
Trough 77:4
Peak 80:3 79:4 79:3 80:1
Trough 81:2 80:4 80:3
Peak 81:4 82:1 81:4 81:3
Trough 83:2 83:1 82:4 82:3 82:4
Peak 86:4
Trough 87:3
Peak 92:2 91:2 91:2 92:2 90:3
Trough 93:2 93:4 91:1
Peak 95:4 95:2
Trough 96:4 96:4
Table 17: Business cycle dates for Switzerland (Amstad), Germany and France (Artis
et al.) and the US (NBER)
46k 0 1 2 3 4 5 6 7 8
TS
t-stat TS -0.75 -1.87 -3.13 -4.37 -4.70 -4.25 -3.20 -2.30 -1.55
pseudoR2 0.00 0.03 0.08 0.18 0.22 0.17 0.09 0.04 0.02
EQ
t-stat EQ -0.69 -1.98 -2.60 -2.89 -2.78 -2.36 -2.17 -2.04 -1.52
pseudoR2 0.00 0.03 0.06 0.07 0.07 0.05 0.04 0.03 0.02
TS + EQ
t-stat TS -0.56 -1.29 -2.45 -3.79 -4.23 -3.85 -2.74 -1.81 -1.18
t-stat EQ -0.49 -1.47 -1.71 -1.59 -1.38 -1.12 -1.30 -1.44 -1.14
pseudoR2 0.01 0.05 0.11 0.20 0.24 0.18 0.10 0.06 0.03
M1
t-stat M1 0.08 -1.10 -2.22 -3.21 -3.59 -3.51 -3.27 -2.89 -2.57
pseudoR2 0.00 0.01 0.04 0.10 0.136 0.12 0.10 0.07 0.06
MP
t-stat MP 1.02 0.38 -0.28 -1.18 -2.37 -2.78 -2.93 -2.98 -2.81
pseudoR2 0.37 0.36 0.36 0.38 0.42 0.45 0.47 0.47 0.46
TS+EQ+M1
t-stat TS -0.92 -1.15 -1.80 -2.73 -2.98 -2.41 -1.03 -0.10 0.55
t-stat EQ -0.52 -1.48 -1.71 -1.58 -1.36 -1.07 -1.23 -1.41 -1.12
t-stat M1 0.77 0.26 -0.06 -0.16 -0.42 -0.91 -1.69 -1.91 -2.12
pseudoR2 0.01 0.05 0.11 0.20 0.24 0.19 0.13 0.09 0.07
TS+EQ+MP
t-stat TS -1.06 -1.09 -1.70 -2.14 -1.94 -1.40 -0.60 0.36 0.51
t-stat EQ -0.06 -0.67 -0.78 -0.78 -0.51 -0.20 -0.44 -0.97 -1.11
t-stat MP 1.44 1.00 0.87 0.45 -0.93 -1.71 -2.19 -2.60 -2.53
pseudoR2 0.38 0.38 0.41 0.44 0.47 0.47 0.47 0.48 0.47
Table 18: Probit model with …nancial and monetary variables: Switzerland (dating
based on industrial production)
47k 0 1 2 3 4 5 6 7 8
TS
t-stat TS 0.65 -0.92 -2.37 -3.76 -4.67 -4.99 -4.90 -4.52 -4.02
pseudoR2 0.00 0.01 0.05 0.12 0.21 0.26 0.23 0.19 0.14
EQ
t-stat EQ 0.94 -0.75 -2.51 -3.88 -4.50 -4.46 -3.65 -2.36 -1.04
pseudoR2 0.01 0.00 0.05 0.14 0.20 0.19 0.12 0.05 0.01
TS + EQ
t-stat TS 0.43 -0.73 -1.66 -2.80 -3.74 -4.16 -4.24 -4.11 -3.89
t-stat EQ 0.80 -0.49 -1.89 -3.02 -3.56 -3.43 -2.49 -1.14 0.14
pseudoR2 0.01 0.01 0.08 0.20 0.33 0.37 0.29 0.20 0.14
M1
t-stat M1 0.93 -0.36 -1.69 -2.77 -3.47 -3.84 -3.92 -3.92 -3.81
pseudoR2 0.01 0.00 0.02 0.07 0.11 0.14 0.15 0.15 0.14
MP
t-stat MP 1.09 -0.05 -1.10 -1.80 -3.22 -3.96 -4.10 -3.96 -3.74
pseudoR2 0.42 0.41 0.42 0.44 0.53 0.63 0.65 0.63 0.60
TS+EQ+M1
t-stat TS -0.03 -0.77 -1.19 -1.96 -2.66 -2.90 -2.77 -2.41 -1.97
t-stat EQ 0.76 -0.50 -1.89 -3.02 -3.55 -3.42 -2.44 -0.99 0.39
t-stat M1 0.61 0.32 -0.14 -0.28 -0.32 -0.48 -0.83 -1.39 -1.88
pseudoR2 0.01 0.01 0.08 0.20 0.33 0.37 0.29 0.22 0.17
TS+EQ+MP
t-stat TS -0.45 -0.60 -0.90 -1.46 -1.74 -1.64 -1.65 -1.75 -1.98
t-stat EQ 1.72 0.34 -1.13 -2.13 -2.51 -1.90 -0.19 1.08 1.96
t-stat MP 1.03 0.24 -0.29 -0.39 -1.74 -2.71 -2.81 -2.91 -2.92
pseudoR2 0.45 0.42 0.45 0.52 0.63 0.69 0.68 0.66 0.66
Table 19: Probit model with …nancial and monetary variables: Switzerland (dating
based on GDP)
48k 0 1 2 3 4 5 6 7 8
TS
t-stat TS -2.42 -4.62 -5.17 -5.23 -5.13 -4.92 -4.19 -2.92 -1.94
pseudoR2 0.05 0.22 0.35 0.45 0.31 0.27 0.17 0.07 0.03
EQ
t-stat EQ -5.25 -5.09 -3.92 -1.99 -0.29 0.82 1.26 0.89 0.14
pseudoR2 0.37 0.31 0.14 0.03 0.00 0.01 0.01 0.01 0.00
TS + EQ
t-stat TS -1.75 -4.06 -4.88 -5.16 -5.10 -4.93 -4.26 -2.98 -1.95
t-stat EQ -5.12 -4.31 -3.59 -1.31 0.46 1.51 1.69 1.11 0.26
pseudoR2 0.40 0.55 0.48 0.46 0.31 0.29 0.20 0.09 0.03
M1
t-stat M1 -3.99 -4.64 -4.70 -4.50 -3.64 -2.40 -1.22 0.17 1.35
pseudoR2 0.17 0.26 0.26 0.22 0.12 0.05 0.01 0.00 0.02
TS+EQ+M1
t-stat TS 0.30 -2.76 -3.77 -4.36 -4.45 -4.53 -4.06 -3.13 -2.44
t-stat EQ -4.73 -4.24 -3.30 -0.88 0.82 1.60 1.67 1.01 0.10
t-stat M1 -3.42 -3.22 -2.86 -2.52 -2.23 -0.91 0.04 1.13 2.04
pseudoR2 0.55 0.73 0.58 0.53 0.35 0.29 0.20 0.10 0.07
Table 20: Probit model with …nancial and monetary variables: US
49Panel A : dating based on industrial production
k 0 1 2 3 4 5 6 7 8
Model with French variables
t-stat TS 1.13 0.05 -1.26 -2.86 -3.35 -2.20 -0.86 0.26 0.79
t-stat EQ -1.61 -2.11 -1.95 -1.66 -1.70 -2.16 -2.28 -1.64 -0.55
pseudoR2 0.03 0.04 0.06 0.12 0.15 0.10 0.06 0.02 0.01
Model with French and Swiss variables
t-stat TS domestic -1.29 -1.55 -2.22 -2.95 -3.26 -3.27 -2.59 -2.39 -2.18
t-stat EQ domestic 0.39 -0.41 -0.80 -0.76 -0.42 0.25 -0.13 -1.21 -1.67
t-stat TS foreign 1.62 0.96 0.35 -0.69 -1.14 -0.15 0.68 1.67 2.00
t-stat EQ foreign -1.38 -1.25 -0.81 -0.51 -0.67 -1.43 -1.34 -0.22 0.87
pseudoR2 0.04 0.06 0.11 0.21 0.26 0.20 0.12 0.08 0.07
Panel B : dating based on GDP
k 0 1 2 3 4 5 6 7 8
Model with French variables
t-stat TS -1.09 -1.75 -2.40 -3.30 -3.45 -3.27 -3.22 -3.00 -3.05
t-stat EQ -1.14 -2.34 -3.49 -4.19 -4.64 -4.35 -3.41 -2.19 -0.48
pseudoR2 0.03 0.10 0.21 0.35 0.43 0.36 0.25 0.15 0.09
Model with French and Swiss variables
t-stat TS domestic 1.65 0.72 -0.07 -1.02 -2.57 -3.26 -3.20 -3.07 -2.81
t-stat EQ domestic 2.39 1.87 1.13 0.17 0.00 -0.33 -0.30 0.26 0.40
t-stat TS foreign -2.11 -2.03 -2.02 -2.23 -1..65 -1.18 -1.29 -1.06 -1.19
t-stat EQ foreign -2.40 -2.93 -3.26 -3.26 -3.62 -3.03 -2.09 -1.44 -0.29
pseudoR2 0.11 0.14 0.22 0.36 0.49 0.47 0.34 0.23 0.15
Table 21: Probit model with variables from France and Switzerland
50Panel A : dating based on industrial production
k 0 1 2 3 4 5 6 7 8
Model with German variables
t-stat TS 0.53 -0.21 -1.48 -2.42 -3.32 -3.50 -3.51 -3.16 -2.60
t-stat EQ -1.15 -1.76 -1.47 -1.16 -0.89 -0.83 -0.87 -0.55 -0.09
pseudoR2 0.01 0.03 0.05 0.08 0.13 0.15 0.15 0.11 0.07
Model with German and Swiss variables
t-stat TS domestic -1.34 -1.60 -2.03 -3.02 -3.08 -2.53 -1.07 0.05 0.50
t-stat EQ domestic 0.64 -0.12 -0.77 -0.75 -0.59 -0.09 -0.27 -0.94 -1.18
t-stat TS foreign 1.27 0.90 0.21 0.15 -0.87 -1.49 -2.34 -2.54 -2.33
t-stat EQ foreign -1.27 -1.13 -0.46 -0.33 -0.24 -0.54 -0.36 0.38 0.87
pseudoR2 0.03 0.06 0.11 0.21 0.25 0.21 0.16 0.12 0.08
Panel B : dating based on GDP
k 0 1 2 3 4 5 6 7 8
Model with German variables
t-stat TS 0.41 0.07 -0.22 -0.94 -2.10 -3.00 -3.61 -3.96 -4.28
t-stat EQ -0.59 -1.71 -2.69 -3.13 -2.96 -2.31 -1.36 -0.21 0.75
pseudoR2 0.00 0.03 0.07 0.12 0.16 0.17 0.17 0.17 0.18
Model with German and Swiss variables
t-stat TS domestic -0.07 -1.24 -2.10 -2.85 -3.25 -3.20 -2.81 -2.32 -1.85
t-stat EQ domestic 1.88 1.30 0.40 -0.74 -1.78 -2.20 -1..65 -0.87 0.15
t-stat TS foreign 0.43 0.91 1.25 1.25 0.49 -0.47 -1.54 -2.18 -2.74
t-stat EQ foreign -1.78 -2.12 -2.14 -1.73 -0.91 -0.04 0.27 0.45 0.28
pseudoR2 0.04 0.05 0.12 0.23 0.34 0.37 0.31 0.24 0.21
Table 22: Probit model with variables from Germany and Switzerland
51Panel A : dating based on industrial production
k 0 1 2 3 4 5 6 7 8
Model with US variables
t-stat TS 1.32 1.28 0.58 -1.03 -3.15 -3.65 -3.02 -2.40 -1.71
t-stat EQ 0.64 -0.99 -1.64 -1.67 -1.27 -0.69 -0.59 -0.75 -0.50
pseudoR2 0.02 0.02 0.02 0.03 0.11 0.13 0.09 0.06 0.03
Model with US and Swiss variables
t-stat TS domestic -0.83 -1.56 -2.60 -3.76 -4.04 -3.59 -2.46 -1.59 -1.04
t-stat EQ domestic -2.08 -2.07 -1.94 -1.67 -1.24 -1.11 -1.26 -1.13 -0.93
t-stat TS foreign 1.84 1.89 1.38 -0.07 -2.40 -3.01 -2.44 -1.86 -1.26
t-stat EQ foreign 2.14 1.30 0.99 0.92 0.84 1.02 0.98 0.62 0.52
pseudoR2 0.07 0.09 0.13 0.21 0.30 0.27 0.16 0.09 0.05
Panel B : dating based on GDP
k 0 1 2 3 4 5 6 7 8
Model with US variables
t-stat TS 3.50 2.84 2.22 1.21 0.14 -0.96 -1.78 -1.60 -1.58
t-stat EQ 0.20 -1.21 -2.23 -3.10 -3.34 -3.16 -2.49 -1.54 -0.79
pseudoR2 0.12 0.08 0.07 0.09 0.10 0.10 0.09 0.04 0.03
Model with US and Swiss variables
t-stat TS domestic 0.35 -0.93 -1.91 -2.99 -3.83 -4.14 -4.16 -4.02 -3.76
t-stat EQ domestic 0.18 -0.59 -1.82 -2.55 -2.92 -2.63 -1.51 -0.54 0.61
t-stat TS foreign 3.42 2.97 2.70 2.07 1.41 0.46 -0.66 -0.72 -1.02
t-stat EQ foreign -0.06 -0.13 0.40 0.57 0.66 0.35 -0.11 -0.12 -0.49
pseudoR2 0.12 0.09 0.14 0.24 0.35 0.37 0.29 0.20 0.15
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Figure 8: Probability ofrecessiongiven four quarters before by the speci…edvariables.
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Figure 9: Probability ofrecessiongiven four quarters before by the speci…edvariables.
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Figure 13: Pseudo¡R2 using foreign variables. Business cycle recessions are de…ned
using GDP.
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